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Abstract
Objective
We performed a systematic review of the accuracy of patient self-report of stroke to inform
approaches to ascertaining and confirming stroke cases in large prospective studies.
Methods
We sought studies comparing patient self-report against a reference standard for stroke.
We extracted data on survey method(s), response rates, participant characteristics, the ref-
erence standard used, and the positive predictive value (PPV) of self-report. Where possi-
ble we also calculated sensitivity, specificity, negative predictive value (NPV), and stroke
prevalence. Study-level risk of bias was assessed using the Quality Assessment of Diag-
nostic Studies tool (QUADAS-2).
Results
From >1500 identified articles, we included 17 studies. Most asked patients to report a life-
time history of stroke but a few limited recall time to5 years. Some included questions for
transient ischaemic attack (TIA) or stroke synonyms. No study was free of risk of bias in the
QUADAS-2 assessment, the most frequent causes of bias being incomplete reference stan-
dard data, absence of blinding of adjudicators to self-report status, and participant response
rates (<80%). PPV of self-report ranged from 22–87% (17 studies), sensitivity from 36–98%
(10 studies), specificity from 96–99.6% (10 studies), and NPV from 88.2–99.9% (10 stud-
ies). PPV increased with stroke prevalence as expected. Among six studies with available
relevant data, if confirmed TIAs were considered to be true rather than false positive
strokes, PPV of self-report was >75% in all but one study. It was not possible to assess the
influence of recall time or of the question(s) asked on PPV or sensitivity.
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Conclusions
Characteristics of the study population strongly influence self-report accuracy. In popula-
tion-based studies with low stroke prevalence, a large proportion of self-reported strokes
may be false positives. Self-report is therefore unlikely to be helpful for identifying cases
without subsequent confirmation, but may be useful for case ascertainment in combination
with other data sources.
Introduction
Stroke is likely to be caused by a wide variety of genetic, lifestyle and environmental risk factors
with individually modest effects and complex interactions [1, 2]. Very large studies, yielding
large numbers of stroke outcomes, are required to investigate these effects reliably [3]. One
such study is UK Biobank, a very large prospective cohort study of 503,000 participants, aged
40–69 years when recruited in England, Scotland andWales between 2006 and 2010 [4]. At
recruitment, participants completed a detailed touchscreen questionnaire which included self-
report of previous medical conditions. Based on responses to the question ‘Has a doctor ever
told you that you have had a stroke?’, the prevalence of stroke in UK Biobank estimated by self-
report was 1.4% [5]. From published UK stroke prevalence data [6] and allowing for the
healthy cohort effect (i.e., volunteers in population-based cohort studies tend to have lower dis-
ease rates on average than the general population), the true prevalence of stroke in UK Biobank
is likely to be<2% (~5000 to 10,000 cases).
For health-related outcomes such as stroke, large prospective studies such as UK Biobank
need to maximise statistical power to detect genuine associations in nested case-control or
case-cohort studies. This requires a strategy that identifies cases representative of the spectrum
of the disease being studied with adequate sensitivity (the proportion of true positive stroke
cases identified) and specificity (the proportion of true negative ‘non-stroke’ controls identi-
fied), and that maximises positive predictive value (PPV, the proportion of cases identified that
are true cases of stroke) (Fig 1). PPV depends on sensitivity, specificity and stroke prevalence
[7]. Maximising PPV will minimise the number of false positive cases, in turn minimising loss
of statistical power through misclassification of cases. Some false negatives can be tolerated,
since these are diluted by the very much larger control population, with much more limited
impact on statistical power (in other words, negative predictive value and specificity will be
always be very high where the condition being identified is uncommon).
Along with similar, large, prospective studies, UK Biobank aims to use multiple sources of
data to identify stroke cases, including coded electronic data from hospital admissions, death
certificates and primary care, as well as self-report. Use of multiple data sources should
improve sensitivity of stroke detection, and, where multiple sources agree, improve PPV. How-
ever, potential cases, particularly those identified by a single data source, are likely to include
false positives and may require further confirmation to maximise PPV.
Self-report accuracy varies according to the disease reported [8]. As far as we are aware,
there are no systematic reviews of the accuracy of self-report of stroke. To assess the potential
contribution of self-report to stroke identification methods in large prospective studies, we
conducted a systematic review of published studies assessing the accuracy of patient self-report
of stroke against a reference standard for stroke (using WHO [9] or equivalent definitions),
focusing on PPV but also seeking information on sensitivity, specificity and negative predictive
value (NPV).
Accuracy of Patient Self-Report of Stroke
PLOS ONE | DOI:10.1371/journal.pone.0137538 September 10, 2015 2 / 14
Methods
A detailed study protocol is available in S1 Appendix.
Search Strategy
We searched Medline and Embase to November 2013 for studies assessing the accuracy of self-
report of stroke against a reference standard diagnosis of stroke. We used a combination of
medical subject heading and text word terms for ‘stroke’, ‘self-report’, ‘accuracy’, ‘medical rec-
ords’ and ‘diagnosis’. We also searched the Cochrane Database of Systematic Reviews for rele-
vant reviews of diagnostic test accuracy of stroke self-report. One author assessed eligibility by
reviewing all titles and abstracts, and the full text of potentially relevant articles, resolving any
uncertainties through discussion with a second. Bibliographies of included publications were
reviewed to identify any additional relevant studies.
Eligibility Criteria
We included studies which assessed the accuracy of patient self-report of stroke (with or with-
out transient ischemic attack [TIA] or synonyms for either) against a reference standard diag-
nosis of stroke. We included studies which compared self-report of stroke or TIA against a
reference standard of stroke because we hypothesised that asking about TIA (or its synonyms)
might increase sensitivity for stroke. Included studies had to report the method of self-report,
the reference standard used (any combination of hospital/primary care medical record review,
hospital/primary care physician questionnaire, expert clinical examination, or hospital/popula-
tion-based stroke registers), and the positive predictive value (PPV) +/- sensitivity, specificity,
negative predictive value (NPV) of self-report (or provide data from which these values could
be calculated, as shown in Fig 1). We excluded studies which assessed self-report of ‘cerebro-
vascular disease’, ‘symptoms’ or ‘past medical history’ unless stroke was specifically mentioned.
We also excluded studies which used only coded data (e.g., International Classification of Dis-
eases codes) as the reference standard to confirm cases, studies which did not distinguish con-
firmed stroke cases from transient ischaemic attack (TIA) or other cerebrovascular disease,
and, to improve precision, studies with<50 self-reported strokes.
Fig 1. Calculation of PPV, sensitivity, specificity, NPV and stroke prevalence. PPV = positive predictive value; NPV = negative predictive value. Stroke
prevalence = (TP+ FN) / (TP+FP+FN+TN).
doi:10.1371/journal.pone.0137538.g001
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Data Extraction
We extracted information from each included study on: the nature of the population surveyed
(country, age range, selection criteria); number of participants included and response rate (pro-
portion of potential participants who agreed to take part and completed questionnaires or
attended interviews); question(s) asked (stroke, or stroke plus TIA/synonyms); mean (or
median) age at self-report; recall period (years or lifetime); reference standard(s) used and
source of data (‘hospital’ which includes only hospital diagnosed strokes, or ‘population’ which
includes strokes diagnosed in the community); presence or absence of missing data; presence
or absence of blinding of adjudicators (physicians or researchers who established the reference
standard diagnosis) to participant self-report; presence or absence of differential verification
(use of different reference standards for self-report positive versus self-report negative
responses); PPV, sensitivity, specificity and NPV of self-report; number of reports of stroke
which were confirmed TIAs.
Data Analysis
We tabulated results for visual inspection to assess factors which might influence the accuracy
of self-report including: estimated stroke prevalence; age at self-report (mean or median); recall
time (years); question asked (stroke or stroke plus TIA/synonyms). Where possible, we used
within-study comparisons to assess the influence of age, recall time and question(s) asked on
the accuracy of self-report. The denominator population was the final number of participants
(excluding non-responders) for whom complete reference standard data were available. Stroke
prevalence was the number of ‘true strokes’ (TP+FN) divided by the denominator population
(TP+FP+FN+TN) (Fig 1). We only calculated sensitivity, specificity and stroke prevalence
when the reference standard was population-based (i.e., included general practitioner medical
records, general practitioner questionnaires, or physician assessment of all participants, to cap-
ture strokes diagnosed out of hospital).
We assessed risk of bias at individual study level using the revised Quality Assessment of
Diagnostic Studies tool (QUADAS-2),[10] but did not exclude studies on the basis of bias
assessments. Risk of bias was scored as ‘low’, ‘high’, or ‘unclear’ in response to specific ques-
tions which considered patient selection (study design, sampling methods, exclusion criteria);
index test (self-report questionnaire design, blinding to the reference standard); reference stan-
dard (source of data, blinding to self-report status); flow and timing (participant response
rates, missing reference standard data, presence of differential verification). The study protocol
(S1 Appendix) provides a detailed list of questions and scoring methods.
We calculated 95% confidence intervals for PPV, sensitivity, specificity, and NPV in Stata
version 12 using the Wilson method for binomial proportions [11]. We did not undertake for-
mal meta-analysis or meta-regression due to the heterogeneity between studies in their meth-
ods, participant characteristics and reporting, and because the number of studies available for
inclusion in any potential meta-regression analysis was small (<10) [12].
Results
From 1707 publications identified, we reviewed 148 full texts, eventually including 17 studies
(Fig 2).
Characteristics of Included Studies
Characteristics of included studies are displayed in S1 Table. Studies were from the UK [13, 14,
15], elsewhere in Europe [16, 17, 18, 19, 20], Japan [21], North America [22, 23, 24, 25, 26, 27],
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Australia [28] and New Zealand [29]. Potential participants were selected based on geographic
location and/or age in all studies. The age of potential participants ranged from>20 to>80
years old. Additional selection criteria in some studies included gender [13, 22, 24, 26], occupa-
tion [14, 24], presence or absence of disability [18, 22], absence of moderate/severe cognitive
impairment [13, 22], place of residence [18], or medication use (non-steroidal anti-inflamma-
tory drug prescription) [17].
Responses were ascertained by post [13–15, 17, 19, 21, 24–26], during routine outpatient
visits [16], by face-to-face interview [18, 22, 23, 26–29], or by telephone [16]. Response rates
were80% in five studies [13, 15, 16, 18, 28], 60–79% in six [14, 20–23, 27], and<60% in
three (23–57%) [17, 25, 29]. The remaining three studies did not report response rates [19, 24,
Fig 2. Study selection flow diagram. * Reference standard is cerebrovascular disease, or includes TIA, or uses ICD codes for stroke. † <50 self-reports of
stroke validated, or number unpublished.
doi:10.1371/journal.pone.0137538.g002
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26]. Four studies compared characteristics of responders to non-responders [15, 17, 25, 28].
The two largest studies (including 10,000 and 120,000 potential participants) found that
responders were older than non-responders and more often female [17, 28], but absolute dif-
ferences were small (mean age 2 or 3 years higher, 1 or 6% more females).
Six studies asked participants to report ‘stroke’[13, 20, 22, 23, 28, 29], five to report ‘stroke,
mini-stroke or transient ischemic attack (TIA)’ [14, 15, 25–27], and three to report stroke, but
including stroke synonyms in the question (cerebral haemorrhage/brain haemorrhage/infarc-
tion/thrombosis/subarachnoid haemorrhage) [16, 19, 21]. All but three studies [17, 18, 24]
published the specific question(s) asked. The period of recall ranged from six months to 5 years
in five studies [14, 23, 24, 26, 28], 10 to 22 years in three studies [13, 21, 27], and was lifetime in
the remaining nine [15–20, 22, 25, 29].
The reference standard was population-based (primary care data, primary care plus hospital
data, and/or clinical examination of all participants) in thirteen studies [13–23, 25, 29], and
hospital-based (hospital data only) in four [24, 26–28]. Stroke was confirmed by general practi-
tioner questionnaire [17, 18], medical record review [16, 20, 24–28], presence on a stroke regis-
ter plus medical record review [21], clinical examination plus medical record review [19], or a
combination of these methods [13–15, 22, 23, 29]. Stroke prevalence ranged from 0.1%-17% in
ten studies which used a population-based reference standard and published sufficient data to
estimate prevalence [13, 15–18, 21, 22, 23, 25, 29].
Assessment of Bias
Detailed results of the bias assessment are displayed in S2 Table. All studies had ‘high’ or
‘unclear’ risk of bias in at least one category. Incomplete reference standard data (missing or
irretrievable records) [13, 15, 17–20, 22–24, 27–29], absence of blinding of adjudicators to self-
report status [13–15, 19, 21, 23], and participant response rates (<80%) [14, 17, 20–23, 25, 27,
29] were the most frequent reasons for ‘high risk’ of bias.
Only five studies reported that adjudicators were blind to participant self-report results [17,
18, 24, 28, 29]. In six, presence or absence of blinding was not clearly reported [16, 20, 22, 25–
27]. In one study, the reference standard diagnosis was made following physician examination
of patients, un-blinded to self-report status [23]. In five other studies blinding was jeopardised
because the reference standard included history and examination of patients [15, 19], or
because records of apparent false-positive reports were re-examined for evidence of stroke [13,
14, 21]. In one of these studies, re-examination of records of apparent false-positive reports led
to confirmation of a few additional stroke cases, and increased the PPV of patient self-report
from 41% (95% CI 35–48) to 56% (95% CI 49–62).
The self-report method most often scored ‘unclear’ risk of bias. Three studies did not pub-
lish the specific question(s) asked [17, 18, 24], and eight (which used face-to-face interviews)
did not report presence or absence of blinding of the interviewer to the reference standard diag-
nosis [16, 22, 23, 26–29].
Other sources of bias included use of hospital versus population-based reference standards
[24, 26–28], exclusion of particular types of participants (eg., based on cognitive impairment,
severe disability, or residence in a nursing home) [13, 18, 22, 23], and differential verification
of the reference standard (different data used to verify self-report positive versus negative
cases) [13–15, 21]. Most studies used a source of data (primary care records, general practi-
tioner questionnaire, examination of all participants) which captured strokes diagnosed out of
hospital [13–23, 25, 29]. The remaining studies, which used hospital-based reference standards
[24, 26–28], had a higher risk of bias due to the potential for missing ‘true’ stroke cases diag-
nosed out of hospital.
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Accuracy of Self-Report
PPV of self-report ranged from 22–87%. Among ten studies which used a population-based
reference standard, and had sufficient published data, sensitivity of self-report varied (from
36–98%), but specificity and NPV were consistently high (from 88–99.9%) (S3 Table).[15–18,
21–23, 25, 29] The proportion of self-reported strokes which were not strokes but confirmed to
be TIAs (according to the reference standard) ranged from 6–25% among six studies with
available relevant data [13, 15, 16, 20, 24, 29]. In these studies, if these confirmed TIAs were
considered to be true rather than false positive stroke cases, the revised PPV was>75% in all
but one study (Table 1).
Factors Influencing Accuracy
The range of PPVs for self-report was similar [17, 25, 29] in the studies with very low response
rates (<60%) to that of studies with higher response rates (60%) [13, 15, 16, 18, 19, 21, 27].
Overall, the range of PPVs appeared similar in blinded [17–19, 24, 28] versus un-blinded stud-
ies [13, 23] and in population-based [15–23, 25, 29] versus hospital-based [24, 26–28] studies.
Stroke prevalence. PPV increased with increasing stroke prevalence (Fig 3).
Participant age. Among studies which reported the average age of responders (mean or
median) [15, 17, 19, 23, 25, 28, 29], we noted increasing PPV with increasing reporting age,
probably because stroke prevalence increased with age (Table 2). Among five studies which
published reporting age, and had sufficient data to calculate sensitivity [15, 17, 23, 25, 29], the
study with the highest mean participant age (84 years) had the lowest sensitivity for stroke
(sensitivity 36%, 95% CI 28–44) [29]. Sensitivity of self-report was stratified by age within one
large study (~90,000 participants) [21], and fell with increasing age (78% in those<75 years
versus 69% in those75 years). A similar pattern was observed in a second, smaller study (~1,
536 participants. with sensitivities of 60% in those< 75 years versus 48% in those 75 years)
[23]. However, limited data for sensitivity as well as heterogeneity between studies in popula-
tion characteristics meant that it was not possible to demonstrate a clear association between
reporting age and sensitivity.
Question(s) asked. Overall, there was no clear difference in PPV or sensitivity between
studies which asked about ‘stroke’ versus ‘stroke plus synonyms’ versus ‘stroke/TIA’ [13–16,
18, 19, 21–23, 25–27, 29]. However, among included studies there were no within-study com-
parisons of the influence of the question(s) asked on PPV or sensitivity of stroke self-report.
Recall time. In between-study comparisons, recall of events over the last six months to
one year (PPV 72% to 81%) [23, 26] was not clearly more accurate than recall of events over
the previous 2 to 5 years (PPV 38% to 78%) [14, 24, 28] or over lifetime (PPV 22% to 87%)
[16–20, 22, 25, 29]. Two studies stratified PPV results by recall time, and neither found a differ-
ence in PPV for more versus less recent events [21, 28]. One of these studies (~ 90,000 partici-
pants) found no difference in sensitivity for more versus less recent events [21].
Discussion
As far as we are aware this is the first systematic review of the accuracy of self-report of stroke.
Self-report had variable PPV (range 22 to 87%) and variable sensitivity (range 36 to 98%) for
stroke, but consistently high specificity and NPV (88 to 99%). In populations with low stroke
prevalence, it would take a very large number of false positives to reduce specificity or NPV.
PPV and sensitivity are therefore more informative measures. PPV increased with increasing
stroke prevalence. Although this relationship is not surprising, we have shown that in popula-
tions with low stroke prevalence (<10%), a large proportion of self-reported strokes (~1/3 to 3/
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4) were false positive. This has important implications for large prospective studies, where
stroke prevalence is likely to be low.
Reviews of the accuracy of self-report of various diseases have found that PPV and sensitiv-
ity vary depending on the disease reported [8]. For certain diseases, such as myocardial infarc-
tion, or cancer, a large proportion of false positive self-reports occur because patients confuse
the diagnosis with a similar condition (e.g., other cardiovascular disease, or other cancer type)
Table 1. The proportion of self-reported strokes which were true stroke, true TIA or either.*
Study† Country Question
asked‡
Self-report
(n)
PPV True stroke (% &
95% CI)
PPV True TIA (% &
95% CI)
Revised PPV True stroke or TIA (%
& 95% CI)
Machon Spain Stroke 176 22 (17–29) 6 (4–11) 28 (22–35)
Walker UK Stroke 201 56 (49–62) 25 (20–32) 81 (71–86)
O’Mahony UK Stroke/TIA 173 63 (56–70) 15 (11–22) 78 (71–84)
Engstad Norway Stroke 269 79 (74–84) 8 (4–10) 87 (82–90)
Bots Netherlands Stroke 285 67 (61–72) 10 (7–14) 77 (72–81)
Colditz US Stroke 115 66 (51–74) 21 (14–29) 87 (80–92)
TIA = Transient ischemic attack.
*According to the reference standard.
†Studies which published sufﬁcient data (out of 17 included studies).
‡Participants were asked to report stroke, or stroke plus transient ischemic attack (TIA) (+/- synonyms for either).
doi:10.1371/journal.pone.0137538.t001
Fig 3. PPV of included studies with data on stroke prevalence. x/y: x = number of self-reported strokes which are confirmed; y = total number of self-
reported strokes.
doi:10.1371/journal.pone.0137538.g003
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[30]. Similarly, we found that 6–25% of individuals who self-reported stroke had a reference
standard diagnosis of TIA. If doctors or other health professionals used the term ‘mini-stroke’
when referring to TIA, the patient may be misled into thinking they had had a stroke. Group-
ing of stroke and TIA cases might be acceptable for some research questions (eg., those which
explore common risk factors for stroke/TIA). If both TIA and stroke were considered true pos-
itive, the PPV of self-report of stroke (or stroke/TIA) was higher.
Other research questions require accurate identification of stroke, and accurate exclusion of
TIA cases, (eg., those which explore risk-factors associated with the different pathological types
and sub-types of stroke). However, there is no ‘gold standard’ diagnosis for stroke. The classic
‘symptom-based’ definition of stroke relies on symptom duration (>24 hours) to distinguish
stroke from TIA [9]. A newer ‘tissue-based’ definition has been proposed, which relies on the
presence of brain infarction to diagnose stroke, irrespective of symptom duration (<24 hours)
[31], but application of this rule reclassifies cases of ‘TIA with infarction’ as stroke. Although
physicians (expert and non-expert) are inconsistent in diagnosing stroke using ‘symptom-
based’ definitions [32] the ‘tissue-based’ definition is equally susceptible to inter-observer vari-
ation [33–35]. Accurate diagnosis of brain infarction depends on the choice and timing of
imaging, and on reviewer expertise [33, 34]. The ‘tissue-based’ definition is therefore likely to
be particularly susceptible to variation when applied across different settings (with different
brain imaging resources) [35]. To maintain consistency, we excluded studies which used the
‘tissue-based’ definition from our review. However, as new definitions and diagnostic terms
continue to emerge, this lack of consistency will contribute to the misreporting of stroke (as
TIA and vice versa) by patients and their physicians.
Previous primary studies have assessed the influence of gender, cognitive impairment, edu-
cation, and number of co-morbidities on the accuracy or reliability of stroke self-report, with
variable and sometimes conflicting results [18, 19, 22, 23, 25, 27, 29]. However, it is difficult to
draw overall conclusions because a range of different methods were used to analyse data and
present results.
Table 2. The influence of age on PPV, sensitivity, specificity and NPV of self-report.
Study* Self-report
(n)
Stroke prevalence
(%)
Age†
(mean)
PPV (% & 95%
CI)
Sensitivity (% & 95%
CI)
Speciﬁcity (% & 95%
CI)
NPV (% & 95%
CI)
Barr 87 - 52 38 (29–48) - - -
Reglat 248 1.34 57 63 (57–69) 69 (62–74) 99 (99.3–99.6) 99.6 (99.5–
99.7)
Engstad‡ 269 - 60 79 (74–84) - - -
Okura§ 86 3.6 61¶ 67 (57–76) 78 (68–86) 98.6 (97.9–99.0) 98.6 (97.9–
99.0)
O'Mahony§ 164 7 63 63 (56–70) 95 (89–98) 96 (94.5–96.7) 99.6 (99.0–
99.8)
Jin 113 11.9 80 82 (73–88) 50 (43–57) 98 (97.6–98.9) 93.5 (92.1–
94.7)
Teh 61 17 84 87 (76–93) 36 (28–44) 99 (97.7–99.3) 88.2 (85.8–
90.3)
*Studies which published participant age at self-report (out of 17 included studies).
†Age at time of reporting
‡This study asked about stroke/synonyms
§These studies asked about stroke/TIA
¶Median
doi:10.1371/journal.pone.0137538.t002
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We observed a wide range in PPV and sensitivity of self-report, which is likely to reflect
between-study heterogeneity in both population characteristics and study design.
Reassuringly, only a few studies had low response rates (<60%). While this may have intro-
duced selection bias, the accuracy (range of PPVs) of self-report was not clearly affected by
response rates. Neither was there any clear affect of incomplete blinding on the range of PPVs.
The majority of included studies had missing reference standard data [13, 15, 17–20, 22–24,
27– 29]. Although this is an important source of potential bias, incomplete reporting meant
that it was not possible to assess the influence of missing reference standard data on the PPV
and/or sensitivity of self-report. The reference standard used (hospital versus population-
based) was an additional potential source of bias. Studies which excluded cases diagnosed out
of hospital from their reference standard had a higher chance of misclassifying ‘true stroke
cases’ as ‘false positive’ self-reports, and so of underestimating PPV. However, we did not find
a difference in the overall accuracy of self-report (PPV) between hospital-based and popula-
tion-based studies.
Strengths of this study include our thorough search strategy, adherence to published guide-
lines for test accuracy reviews [36], and inclusion of all relevant studies of stroke self-report.
Although we only searched two online databases, a strategy which may have missed potentially
relevant articles, we augmented our search by screening bibliographies of all included publica-
tions. Bibliography screening may be the most effective method of identifying additional rele-
vant articles in systematic reviews of test accuracy [37]. Additional strengths of our review
include the exclusion of studies which failed to distinguish TIA from stroke in the reference
standard, use of a single stroke definition (WHO) [9], and exclusion of studies which used
coded data as the only source of stroke confirmation.
There were some limitations. First, variation in the accuracy and completeness of the refer-
ence standard may have contributed to between-study variation in PPV and sensitivity. To
improve comparability between studies, we only calculated sensitivity, specificity, NPV, or
stroke prevalence when the reference standard was population-based. This was possible in ten
out of seventeen included studies. However, only two included studies used the most robust
population-based reference standard for stroke,[38], with multiple sources of case ascertain-
ment and confirmation [14, 15]. Second, the true sensitivity of self-report is likely to be lower
than the included studies suggest, since non-responders could not be included in the denomi-
nator population (non-response ranged from 10–77% amongst included studies). Third,
incomplete reporting and limited within-study comparisons of population characteristics
(such as age, gender, education, cognitive impairment, comorbidities) made it difficult to assess
the influence of these individual factors on self-report PPV or sensitivity. Fourth, as discussed
above, there is no gold standard test to diagnose stroke or TIA. Lack of consistency in deter-
mining the ‘true’ diagnosis is likely to have contributed to the wide range of reported PPV, sen-
sitivity and stroke prevalence.
Further work is needed to assess and compare multiple overlapping sources of stroke detec-
tion in large epidemiological studies. Some studies have found that self-report increases the
number of potential strokes detected (compared to hospital or primary care data) [14, 26].
However, it is uncertain whether using self-report is time- or cost-effective for stroke case
detection in large prospective studies, because potential strokes would need to be confirmed,
for example by medical record review. In addition, future work should examine the influence
of the question asked on PPV and/or sensitivity of stroke report. We did not find a clear influ-
ence of the questions asked on PPV or sensitivity, but there were no within-study comparisons
of stroke specific questions versus stroke/TIA or stroke synonyms. Establishing the best list of
questions (to improve disease specific sensitivity or PPV) will be important for future question-
naire design. Future work could also consider the influence of new stroke definitions (where
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used), and more sensitive imaging methods (where available) on the PPV and/or sensitivity of
self-report.
Conclusions
Based on the results of this study, we suggest that self-report of stroke may be a useful screening
tool to identify potential stroke disease in prospective studies, but not accurate enough on its
own to confirm cases. Once potential cases are identified, a subsequent confirmation step using
other data sources will also be required. The influence of stroke prevalence on PPV means that
in studies with low stroke prevalence, like UK Biobank, a large proportion of potential strokes
identified by self-report may be false positives.
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